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T7ANLDT v 7u— FRETHIC, Asset 7 AL EHNICT7 7 AADEBIMINT W3
CLERWMERLET, 77 A NADHERTE WAL, Asset X 7HD New KR & v D
WCHBV 7Ly varfZ vy )y 7L TL7EZEIW(X3-14),

Assets
(:) ADD A PROJECT

X 3-14 Asset  7ND New R X v DREICH BV 7L v aRE YV

B, 77ANVDT v 7a—RFIChrhrbKHEIIE, 77 AT 4 X, BECOBGEERE
WCXoTERYVET, Tv 77— FoIRHiZ. CodeEditor HfmA D Tasks & 7T
AT rzenCcExEd, M3-13 17y Fu—Fdhe 7y Fu— FETH#H. HGEx~
LT,

(4) Asset 7 + VX RT # M END 7 7 4 ) O BARIFH O 3% E

Asset 7+ VZWNICT v 7’a— F L7277 4 V7% Seagrass Mapper Tt A 729 IC
2. NEAFIFHORE GETHFY 2 L HI1CT2) B0 EICAD T, £ T, Asset 7
ANZNICHE 7 7ANEZ I )y 7L, RARINDZVA VYD NICHS Share F X
vEZ )y 7 L(X3-15), TREINDZ VAV FTRD T 7 4 LDONBHEE% [Anyone
canread | ICEHT37-0F 2 v 72 AN (X 3-16), X 3-16 DOiHjE 1%, Asset 7
NERNDT 7 ANEREICH S Share F X v %227 ) v 7 LTCERRTBRI b TETET (N
3-17), TORREMEEER. Asset 7+ MV XNTENTICH 2T T 7 74 1icxf LT
T T,
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Table: AOI DESCRIPTION FEATURES  PROPERTIES D Edit

No description.

Table D [

users/Genki@@7/sample_himi_1807/A
01

Date
Start date: NA
End date: NA

File Size 8.48KB

Number of Features 1

IMPORT DELETE SHARE CLOSE

3-15 testdata WD AOL 227 VU v 7 L7zRICRRENE VAV Y

HFD Share K& v %227V v 2745 (¥ 3-15),

Share Table: users/|ug® g /testdata/AOI

ME"n "™ @gmail.com Owner v
| Email or domain Reader ~  Add
Share with your apps:

Select an app - Add

| v/ Anyone canread |

Users who have read access to the asset will be able to view
it in the Code Editor via this link:

| https://code.earthengine.google.com/?asset=users/

3-16 7 7 4 A DAFAHIPH D 2% E

7 7 A NV DNFH#iIF % Anyone can read ICEHE L C Done #7 J v 73 % (X 3-16),
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LEGACY ASSETS
v users/las"s "=™
v testdata

W AOI

Share Table: users/ e = _mm__ /testdata/AOl

M "™ @gmail.com -
|Email or domain Reader ~  Add
Share with your apps:

Select an app - Add

| v/ Anyone can read |

Users who have read access to the asset will be able to view
it in the Code Editor via this link:

| https:/code.earthengine.google.com/?asset=users/

| o |

3-17 Asset 7A NV KXDT7 7 A AKED Share B & v (), ANBHZEEIHCT)

(5) fi B Gtz H O #0E
HOCT v 7a—FLHREEREZEITICHV 2581 7y 7a—F L f#EH
BROBEZERE AT E2HERH D 9, Asset 7 + VX NITEFK S T 5 EHEHIER
D77 AN Satlmage %27 Vv 7 L, V4 v FUEECH S Edit ~"—%AviclL, fid
WRICAHE S 2 4 2 FHRE S L, Start date % PUIE4EH HESRHIB T CAJ L 9 (-
3-18),
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Image: Satimage DESCRIPTION ~ BANDS  PROPERTIES @ cdit (click to preview)

-
L SRy No description

Image D )

sssss /M "™/t 5t data/Sat Inage
Date

Start date: [1970-07-15 01:43:50

End date: [yyyy-mm-dd hh:mm:ss

File Size 47.77MB
Number of Bands 8

Last modified 2021-05-12 09:22:26 UTC

3-18 MR MGIRE H ORBOE

6) 7 7 Ao

HoCT7 vy 7u—FLT—21C7 7 ADJEE (04 R L) 23ET 52 &H
TEE T, Asset 7+ L XWICEF I N T EEATT — % D7 7 4 & Train_CLSO% 7
Vw27 L. Properties #3&RL 774 v FyHEICHE Edit N—%A4 v ic L CT[Add
property] Z 4 L % 4, [X 3-19 IZ/8 $H[f{ i T Property IC [ClassName] ([EH7E) % A
J1L. Value i [ 7 7 2D @M (] 21X seagrass) | #{TLEIC AN L T[Save] L £ 3, T
CCHRELZ7 7 A0, BT S T L 2o R I~ A vicRRIn g
ER

Table: Train_CLS1 DESCRIPTION ~ FEATURES ~ PROPERTIES @ it (click to preview)
T G
%« Property Value
ClassName seagrass L]
ery
Table D Q)

users/Bia"s "™ /testdata/Train_0LS1

Date
Start date: |yyyy

End date: | yyyy-m

File Size 16.46KB
Number of Features 61

Last modified 2021-05-12 09:30:00 UTC

3-19 7 7 2ADJEMEDE

PLEC, ST I B R EROMEE A TE E L2, ROETIE, T X7 A —% D
EREENT O FNEIC DO W THAL 1,

2t
i
ne
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4. fENTN T X — X —FOE L EHRET O FIE
ARETIH, CRE L EWLBORFIZMAEN L. BTN 7 X — X —OFGETT i & BERIENT O
FEIC O T L 9,

4.1 tREBCEFZT7T~25oME
LREEIZ, LB FIRICiiE T 2B T, LB, S, EEo/NE» LR Y, L
IR R T~ H 2 2L THILRTWE T, &2 Tk, NPEC 282015 4D 6 H
ICERE L 72k e 7oA A X Zic X2 BIGBLIIER L GEEX7 Y v 77— &L LTk
NTWw3 Landsat 8 5@ OLI iR Z W=7 ~EHo~ vy v 7oFEEZ R L 3,

4.1.1 Seagrass Mapper D#CHE)
https://mapseagrass.users.earthengine.app/view/seagrassmapper iZ7 27 & & L,
Seagrass Mapper % &) L ¥ 3,

Q Searchplaces

Earth Engine Apps

Seagrass Mapper

4-1 Seagrass Mapper O FCH)H|[H

4.1.2 Asset 7 4 )V X DEEHRIA IR
3.3.1.OFNECEFK L 7z Asset 7 # /L& [mapseagrass_YYYYMMDDHHMMSS | &7
— 2 %L ¥3, (mapseagrass. YYYYMMDDHHMMSS i, 3.2.1~3.2.8 TR L 7z
L & HPRAYHEIP I & TR O R 7 — & . KSIER BT 7 — & | KA 2
7 — %.,2015 4 6 HICHHE L 7= UG EL % ST IC/ERK L 7  BHBET 7 — X KET — X
MG T — 285 Eh g s, )
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Seagrass Mapper [H|[f /£ _[-® Read Asset | iC mapseagrass_YYYYMMDDHHMMSS %
AN L. 1D Load Assets R X v % 27 Y v 7 LEd, HlX-¥4 LD 1T Checking Asset
T FAFDBRINEIN, Asset Loaded &) 7 F R MY D b, HIRATICAE
75 Asset 7 ANV B DFHRABDRTET L= &k $3(4-2),

Experimental Q_  Search places

Earth Engine Apps
Seagrass Mapper

Read Asset
(prepare asset here or specify your asset path)

mapseagrass_20210217  Load Assets

{.

--- Satellite Image ---
Use Satellite Image Uploaded
Sensor Name  gentinel-2 MsiL1-C 4

Duration ~ Change Mode

From 20150623 O vyvymmDD

Search Season a
all §

Cloud Coverage (%) 20
Search &
Band ID

R MCG BJCB BZ:NIR B8 3

--- Atmospheric Correction (ATC)---

Convert To TOA Reflectance
v/Mask for Land

y ’
M Google P =i 02021 kL s W FIRIER | BEORD EHET S

Paele Nival

4-2  Asset 7 # v X (mapseagrass_YYYYMMDDHHMMSS) @ ¢ A3A & 58 T [H| [

1.3 HERET—-20MELIEE
KT Seagrass Mapper DEXJE ¥ A VHIEL EHERIC B % ---Satellite Image---D T H 5
Sensor Name 7> & Landsat 8 Tier 1 TOA Reflectance %#i#{R L. % ® F D From i o %
F1C 20150601 & AJy L, HICZD TiCH % Search Fx v %7 ) v 7L, 20154 6 A 1
HLARE D Landsat 8 %5 OLI & v # D7 — X ZE L £ 37, Search KX VDT X v
AzZa—ic, GEE X7V v 77 —21c® % 20154 6 A 1 HUFE®D Landsat 8 5@ OLI
HgEARRINETOT, Zohprd 2015 46 HOBBGBIINICR DT 2015 4 6 A 1
H o [Ej{5 (LC08_109034_20150601) % #IR L & (X 4-3), 7 BHEIEERMRFFICIZ, &
BORKNEZEATIHET 22 &3 TE LT, TITEUIEED 2000 FF & LT
9, £/, GEEXT7Y v 77— 210 H 5 HRERZ HAATEICIE, Band ID IZHE)
ficE Y YTohEFToT, EHILETT,
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Experimental O\

Search places

Earth Engine Apps

Seagrass Mapper

Read Asset
(prepare asset here or specify your asset path)
mapseagrass_20210217  Load Assets

--- Satellite Image ---
Use Satellite Image Uploaded
SensorName | 4ndsat 8 Tier TOA Reflectance &

Duration = Change Mode

From 20150601  TO vyyymMmDD

Search Season ;4

Cloud Coverage (%) 20
Search  LC08_109034 20150601 &

Band ID

R Bt G p3s s B g o NR g5 o

--- Atmospheric Correction (ATC)---
Convert To TOA Reflectance
vMask for Land

£ae Bael ival

4-3 201546 A 1 H®D Landsat8 5 OLI & v ¥ D HER D FHe AIA R HI5E T L 7= [H|[H]

4.1.4 REHIEDORBGE
%\ T Seagrass Mapper D i€ 2% 4 LB R IC B 5 ---Atmospheric Correction
(ATC)---DHNOIHA ZHEL £ 9, BREHAICOWTERLTIORLET,

#£4-1 RAMHIEOBEHEH
Convert to TOA Reflectance TOA KR ICEWT 28 H/ICF v T3

Mask for Land Pk~ 27 L7z HIcF vy 2795

Mask for Dark Pixel HEWHRZ~ X7 L7z0WBHICTF 2y 755

Execute ATC REMERFEMT 255G ICF2v 2T 5

ATC Method W %Z LTRD 2 2OKGBHIED T T L% ER
LEd,

DarkPixel (H5H[35%)

BIED © DHOH 2370\ X 5 il o 1F %
flio CRAMIEZ T 2HAICI B L2 EINL &
ER

NIRModel GE#R44%)

e BRI ST 7 LRI R PTIIC B 2 W9y 23
HHEGHEITHLEERLET,

Average Filter Size FEAE 7 4 2 — D% 4 X%3E L 3, AL
B 7 2T R E T RERBIR ORI L
EQr

22



Z ZTlE. Execute ATC DARICTF = v 7 % AN, KREMIED Tk L L T Dark Pixel (5
HFE) #IEE L T 3(X 4-4), Mask for Land ¥ X O Mask for Dark Pixel TlZ KA
HHIEAZT T — £ (Train_ ATC) Z i L CH 2R 2 & BT R & 7 2 Bt (Land)
PhEVEZE (DarkPixel) ZH#EEL T A7 LETH, InbeAMICT 2L, FHREICK
DN L 72 IR O — 23D 2 I WER L Ak I R 7 I s (OEREERAH
W) ZERHY I, T T Tl Maskfor Land F X OF Mask for Dark Pixel (2 L 72

WigEL LTWwE T,

--- Atmospheric Correction (ATC)---

Convert To TOA Reflectance
Mask for Land
Mask for Dark Pixel

v Execute ATC

ATC Method . epivel s

Average Filter Size 1

4-4 LREECHRAL - RKRAMIEOXREHEH

4.1.5 KFEHIEDE

e

e\ T Seagrass Mapper DFXE ¥ A VHEE T HERIC H 5 ---Water Depth Correction---®
PN DIHH 23 E L E 3, S EHHOELEZU T DR 4-2 1R L £,

K 4-2 IKEMIEDRBEHH

Depth Data Uploaded

KETF—EZNT v e —FINThWEEAICT
v Z7BANE (BEARHA)

Use Minus Data

KT — 2 DS DfETREER S 4T\ 3 L (B
W) oEWRbEHT 258 IcF=v 795

Mask for Deep Area
Mask Depth(m)

KET — 2 W CIEEZ~ A 7 355810, <
27 LI WSO KED —F R MEE AT 5,
Bz X, 10m X0 bFECEFE 2R LIz
A3 10m & AT 3,

Execute Tidal Correction

Near by Station Code

WINAHIE 2 T 2 AT = v 7 L AL ELH
MRS 2 ANE . BREBOS AL, JRT
DI RAGEH A —BERE S T v, HAR
U OEE . FEI LT — 2 2 A3 24
E0H Y F3, gL < 1E, T80 [5. [RT DM
fr 7 — 2 A o ¥ 7 — % % H w7z Tidal
Correction] ZZHL 72X\,
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T Z TlE. Use Depth Data Uploaded & Mask for Deep Area ICF = v 7 % AL T &
¥, CRETIE, BUSEN 2 5KES 10m X Y EGIBHICS W TT <22 BHEND
TEPWHICHENT EBHONTWET, £ 2T, A7 L2 WBROKED —F R WH
ELTImEANLTET,

--- Water Depth Correction ---
+/Depth Data Upload
Use Minus Data
vMask for Deep Area: 19 m

Execute Tidal Correction
Nearby Observation Name

X 4-5 CREE T L 72 /KERMIED&KEHEHE

4.1.6 KHMIEDKE
Be > TKMEREAEIC O WCEGE L 3, AKIEFIIELHE % 1T 5 854 13 Execute WCC
WF v 7% AL, WCC Method 7 & DII(Depth Invariant Index) 3 L < |
BRI(Bottom Reflectance Index) # &R L £ 3, LREEDEHITIE. Execute WCC i
= v 7% AL, BRI Z&ERL T % 3 (X 4-6),

--- Water Column Correction (WCC)---
v/ Execute WCC
WCC Method gp; &

B 4-6 LREECHM L 72K E D EHE H
4. 1.7 HBRIFEOBGE L @@%ﬁ

B ARICEIRS T D\ CRGE L BRI 2 AT L £ 37, FBOEHHICOW T, K 4-
BICHRMIL £,
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#*4-3

H o LB O FGEHE (1,72)

Number of Classes

FEICH V5 7 7 2% 15E L £ 3, Seagrass Mapper Tl 3
B CHER L 7 2SS0 7 — & @ Train_CLS1 22 5%z TIHIC
fEAHLE I, Hlx X, 3 LEL A, Train_CLS1,
Train_CLS2, Train CLS3 23pEMEICfEfH S N FE 3,

Supervised Classification

AT 2 AR T 2T = v 7 LET,

Classification Method

H{RET AT XL U T2 OB L 3,

- HMAE L 53 %A © wekaKMeans
KT — 2 2 {HbT BT 255 1EHT 5., 2EHD
KT — 2B it COFEZERLE T

- BmAT = 8
Random Forest : JLPERICE SV -2 E 0 —FE, 7~ & 2
HEEBEPENDHERTH o THOEEIFRLED 2 Z L ic
KOV ECHEERESRONZ L I T v v TRk

D—"D,

Decision Tree : JREEAR, 2T L. 7 — X & BRIy
M5,

SVM : B8 o, A \vicin 2 087 v — 7o o
M mAICT D5 HA O Dz mKICT 52 Lic ko
T, BB R ZER S 5. Hhl7 — 2 By
B THORHETE WAL D B,

MaxEnt: [¥E£Y | O BICFHL L =R HEE £ T v, 50378
WIBFT (iR L) BT — &2 R LEE Lz, i
T — 2 DY I KR T ABRE S B 5E W 2
G OBETT — 2 Lk B 7a &)X T D)idzER
T 5,
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#*4-3

H G LB O FGEHE (2,7°2)

Sampling Scale

B EGICHETT — 2 2 HL T, AMEHREIET2 (v 7
Vv 7$3) BORT — V%2 fiE L £ 7, Original, 10m, 5m,
Im 2 GFEINTE L5,

FARMI121Z, Original (ffifH3 2 R R D MR EE, Landsat-8
TIZ30m e EF) 2IEELET,

BT — 23R Y T, HREGOBEEEICN LTI W
G BHIMEHRS o IcBf3E N nw L 3b T, ORI,
BRI ORI X 0 Dl WEZERT 2 & iR L
e MRS E AR £9, sEL S, o [8. v 7
VY R =IO WT ] ABRLFE I W,

Training Rate (%)

BT — 203, BRI EREBEER I E LT L 9
2. ZORRICHRSENOYE T -2 LTHEAT 286 %
Training Rate TIHEL 3 RV 2KEMGEHE RV ET)
—fRINICES O v Y 7T EGRSHE & LT 70~80%%
L. &Y D 20~30%%EEHO 7 —& & LTEHL £

Training Data Split by Each
Class

FH Y 7 ADOHAEMERICHN L <, [ UHELEH L, BT
— 2% Y v 7Y v 7 F 55413 Training Data Split by Each
Class Z %) (HY) IcLEF,

Majority Filter Size : 3(pixel)

F{RDFERE R 2 P 2 720D 7 4 L& —TF, BHTICH
L ERERO MR NN I N 2R RaBofHEL
9, SEOHEHCIE 3 pixel ZHWE T,
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LRETHE L ZHBR P HUIOEICOWTH 4-7 IR LT, FHEICOWTH
E. RIBRICHE NS NV—FF D Run KX v 23 & | @RS BEUEAETINE T (X

--- Classification ---
Number of Classes
vSupervised Classification
Classification Method g domForest N

Sampling Scale gpiginal =

Training Rate (%) 70
+Training Data Split by Each Class
Majority Filter Size 3

4-7 LREETHEMNL 0B OREHH,

4.2 ZIEcE T3 T7~2EoMmY (WorldView-2 %)
2 TITEILE ZXRIC, BHENICHE L 72 WorldView-2 iR Z W=7~~~ v
vy S RIBEE R L ET,

4.2.1 Seagrass Mapper D EH)
41.1.0FH%E CSIL 7230,

4.2.2 Asset 7 # IV E D FiAH

WorldView-2 iR % &4 B HAN T — X % &8k L7z Asset 7 4 L& [mapseagrass_
YYYYMMDDHHMMSS | % Saiic #fi L CEA L £ 37

Asset 7 A VX ~D T — 2 E§kIE 3.3. D Asset DEFRFIETFNEEZ TSI L 72 X v, Asset
7 AN R DHHIAARITL 4.1.2 Asset 7+ N X DAl BRDFNEE ZSHEL 72X 0,

AT T —4 %K 44108 LT, (mapseagrass_ YYYYMMDDHHMMSS i<
(2. E LB & B R HEIPR 1 A S ARTN RETFE 7 — 2 . RESEIERZAT 7 — & | AKEHIER
a7 — %, 2018 4 6 HICFEME L 7= BIGBIN % JTICERL L 72 0 FREAET 7 — 2 . KET
— X, MR T - 203G TnET, )
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F4-4 HHT—x2 (ELE)

TR

NE (KEHIOEHT — %)

77 AN

Satellite Image

RS (WorldView-2, GeoTIFF)
2018 4E 7 H 15 H &L

SatImage.tif

Satellite Metadata

HEMmEEKED X 25 — % (WorldView-2
7 — 2 @) 2 ICIC/ER L 72 TOA I
PRI T A — &

TOAparam.csv

AOI FAEAT N SR 7 — & AOLzip
(K Y =~ D Shape 7 7 4 L)

Training for ATC KA ERZET T — £ Train_ATC.zip
(K Y =D Shape 7 7 4 V)

Training for WCC KA EF T — & Train_WCC.zip

(K VY =¥ ® Shape 7 7 4 \)

Training for

SRS T — 2

Train_CLS1.zip

Classification (FY =~ @ Shape 7 7 4 V) Train_CLS2.zip
Train_CLS3.zip
Depth / Bathymetry | /K&ET — £ D.tif
(GeoTIFF)
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(1) 7 2 Hi5 D HEf

Asset 7 A N X ~T v 7 a— N7 5E2ME (Satlmage.tif) (X, 1 7 7 4 VITEEBAN
VB I NI F ANV FOER7 7 A V2R E LET, KY — VO T
4 v F (Blue, Green,Red, NIR) i3 2720, £ONv FEHESEIEET 520135
AHCHE L T BERDH Y 7,

ZZCfEMT 2 WorldView-2 HifRiZ 1 7 7 A MIZ8 ANV FAMEIE LTH Y, T C
TEFYV I FAT—ZDFEF Asset 7+ VX ~BERL BT T A —ZITBWT AV
2 (Blue). ¥ F 3 (Green), v F5 (Red), v F7 (NIR) #fs€L ¢, =L
FNYRFNOERZ 7ALDHF T AL LT, 4-8 12 QGIS T WorldView-2 {5 % 3
NL7-HEHZRLET,

A L7z WEREER N Y I 7 7 A OB TH 2 5E1CiE, EiTicfEH 3
%43 F (Blue,Green,Red,NIR) #FHFiICHEALT1 7 7A MLz AF NV F
DOHR 7 7 4 v (Satlmage.tif) ZH¥EFL T T, 1 7 7 A MICT B0 FIEICHE X
72 < (BRAECIEICHENT 2 OB —fKHI TS 25, ¥ 7 X —% o B,G,RNIR IAf
BTNy FESOIEE L EAPINTCONIIRED ) T4 A,

# s o

09N WEE £ LAY BES) AR ADHO) SRR T (D) WebW) SCP FObyULH

BEGR ANPLLLAPPLALBOR &G K-8 -EEI -0
)/ B aln-0/z @ 6 B
VAR & x
s @®TVE-RBAD
M ¥ satimage

y

| ¥ v1v70/(71 - Satimage | 251 ? X
v RvRER
&  WEHT sivkns-
Red/ ik [JVES
[0 | @ [s50 ]
Green) S [JiUF 3 (Blue)
&[0 | @ [s50 ]
Blue/ K (/iR 2 (Green)
=280 | & (450 |
A [BARICRETS
> BoB/BAEOD-F

SECAHHANNS

v hI-LUEYLS

REE-F [ilH - & Utk
o 1 WhsAk 1
E24 1 Ju-Rr-n 42 -
e O=e o

v UL

WA REE v b REE v ALY 200 9

$uz4n Am Ruvk

2840~ oK Fotl A7
] 6726384080708 |& @mR[1sne o|@ k[ 5] @8z [0 By @eescans @

4-8 =NANF ANV FOEEBRT 7 41 (WorldView-2 Z{#H)
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(2) TOA RHFHAH A~ T A — 2 D
fEH L 72 W R R SRS D5 &, REHRICHNIES 2 2 27 — 2 D5
5 TOA JAPREH T A — 2 ZHANCHEfH L T Asset 7 A LA ~T v 7u—F§5C
& T, TOA REPRA~DLHIIRZ RITS 2 S e B TE LT,
Z Z i3 % WorldView-2 Eff D X 27— % (imd) 2> HAERK L7z TOA ¥
o8 Z X — 2 (TOAparam.csv) DX EFMOY v 7L %K 4-9 1R L3, 7L K
. (15D [7. TOA RITREBIHROMEN ) % B K30,

version = "28.37; key value
generationTime = 2019-01-22T13:37:22, UUUUUOZ .
productOrderld = "058973293010_01 _P0O1” sensor_Type W orldView -2
productCatalogld = “A01 UU1U4UF24B3UU -
childCatalogld = "203001040F24B400"; gain_B 1
|mageDescr|ptor = "Standard?4”; -
bandld = "Multi”; gain_G 1
panSharpent|gorithm = “None™; .
nunRows = 3543; gain_R 1
nunColumns = 1902; .
progucﬁevel =”S%V2§. ;d” gain_N 1
product lype = andard ;
numberOfLooks = 1; offset B 0
radiometricLevel = "Corrected”;
gafci i Sme}‘g ri d%nhancement “0ft7; offset G 0
Itsrerrixel -
compressionType = "None”; offset R 0
BEGIN_GROUP = BAND_C
ULLon = 136.98186079; offset N 0
UL = S5;%8a02476; coef radn_B  _ 0.01783568
JRen g rrering coef_radn_G 0.01364197
EEE’QE - 132?322%22 coef radn_ R/ 0.01851735
at = . :
o = 156 8501240 002050828
on = . H
Lllat =  36.83520340:| 0.0543
LLHAE = 40.18; 0.063
absCalFactor = 9.295654e-03; :
effectlveBandmdth = 4.730000e- 02; 0.0574
END GROU;DI EXﬁD (:I 2 -
eI GRBEE " BAN?I%E 938186079; 00989
on =
Ulat = 36.89902478: 2.01807E+19
ULHAE = 93,99 679
TEER L |
at = ) :
EEEAE - 133?68%2486 Al
on = N :
IEEhﬁE - 3%88‘21485?6; 1856.4104
e = Cai’ie: ; esun_N 1069.7302
" coef_ref B 1
& ectlve andw i dt
L frefG 1
END_GROUP = BAND B coetrel
BEGIN_GROUP = BAND_G coef ref R 1
ULLon = 136.98186079;
UlLat = 36.89902478; coef_ref N 1
[HAE = G2 aa-

4-9 TOA KB NN T X — X DFIE
imd 77 A LONE., A :

(fe -
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4.2.3 N7 XA — X DFIE
WETDHNNT A=K 4-5 D@

Y

D TF, RN XT XA —ZDEFEIZLUT D FIHE

ZZ

%ﬁ<ﬁébx
4.1.4 KRG IEDEIE
4.1.5 JKZEMHIE DEE
4.1.6 KIEAHIE DEE
4.1.7 BRI FEDIE & ALHFEFT

K 4-5 [T A —x (BILE)

JHH

=

Lt

X e

-- Satellite Image ---

Use Satellite Image Uploaded

(BB E{R % Asset 7 4 N KITE Gk
3 LEBINICTF = v 2 HBAY £F)

Sensor Name

WV2/WV3

Band ID

R:b5, G:b3, B:b2, NIR:b7

--- Atmospheric Correction (ATC) ---

Convert to TOA Reflectance

(Fzv2dHb)

Mask for Land O (Fzvy2z7%l)
Mask for Dark Pixel O (Fzv2zil)
Execute ATC (Fzv2dHY)
ATC Method DarkPixel
Average Filter Size 1 (pixel)

--- Water Depth Correction ---

Depth Data Uploaded

OKEET — & % Asset 7 + VKB
TEEHBMICF 2y Z7HBAD ET)

Use Minus Data

O (Fxzvy27kLl)

Mask for Deep Area (Fzv2dHY)
Mask Depth(m) 20 (m)

Execute Tidal Correction ENCET Y239
Nearby Station Code

--- Water Column Correction (WCC) ---

Execute WCC

(Fzv2dHb)

WCC Method DII

--- Classification ---

Number of Classes 3

Supervised Classification (Fzv7dY)

Classification Method RandomForest
Sampling Scale Original

Training Rate (%) 70 (%)

Training Data Split by Each Class (Fzv2dh)
Majority Filter Size 3 (pixel)
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5. fEMTRG R OHERE
AREETIE, B ILE ORHTHRER Z M L\ [ O RR & TR RO RITIC oW TR L £
\j—O

FRFTALEEAS5E 752 LI 5-1 @ X9 A REH ST R k5, PRoMiX <1 vic
1. (D ERRER Area HiHl e & A3FRR v, GRIORERB S S ATt Q)FEE
BEERE R CETHD. 3) 27 7 2@, (DIEEIR 2 7 7. (5) S REEHR L Y v o —
FRZVPEREBEEINT T, k. Asset 7 4+ X ICHEIT — 2, EFEHA#BIHT — 4 0
WL D EHFIN TR WS ICIERE IS AVIERRINT - A,

& GEE Seagrass Mapper x  + - =] X
C & mapseagrass.users.earthengine.app/view/seagrassmapper Wk © %@ :
Earth Engine Apps ®°"™™! Q  Searchplaces

(B EIRALAER

Tau Coefficient: 0.440970

--- Satellite Image --- -
v/Use Satellite Image Uploaded
SensorName  yy,wys &

Accuracy: 62.72%

Duration  Change Mode Analysis:Actual,:UA

From " yyyymmop T vyyymmoD 1:6848,10:53.97%

Search Season 4 2:68,169,10:68.42%

Cloud Coverage (%) 3:27,7:43.75%

Search  Satimage 3 PA: 49.28%,75.45%,25.93%

Band ID
Rl bs 26 b3 (B p2 2|NIR| 7 &

--- Atmospheric Correction (ATC)---
Convert To TOA Reflectance
Mask for Land
Mask for Dark Pixel
v Execute ATC
ATC Method  papixel 4

o

1: seagrass (3) 7 3 XE"E

2: sandmud

3: reefseaweed
Average Filter Size 1
--- Water Depth Correction ---
v/Depth Data Uploaded
Use Minus Data
+Mask for Deep Area: g m

Total Area by Class  (in AOI for area calculation)

mEEtE s 7 7 - s

250 .
0

area

Execute Tidal Correction
Nearby Station Code

Areain ha

--- Water Column Correction (WCC)---
v/Execute WCC
Wee Method g, &

Class
--- Classification ---

Number of Classes

v/ Supervised Classification

Classification Method ' pangomForest &

Result File DL (clipped by AOI for area calculation)

G)INEEREHRL Y 00— FR4 >

Sampling Scale  griginal &

Training Rate (%) 70
Training Data Split by Each Class
Majority Filter Size 3
s
Run v i [S00m e 5 PR | #ETD

5.1 L1 o0 MALHT T
2921 (7T~ tfk. 7722 (W) : #. 773 CaetEREs) @ R

(1) KA L DFRR
%Eimu%ﬁ%%@&%mmﬁﬁ\ﬁ%?~ﬂ&8ﬁ%ﬁéhi?o%%ﬁuv
A v —dHE ([Layers |) & O RR/FERRZFIRT 2 22 B TEE T, L AV —1TiT Asset
T ANZICEFRI N T —ZBRRRIND -0, BfFFIN T b“l‘ﬁ%ﬁﬂi%ﬁ?é n%
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A,

Layers

v/ Train_CLS

v/ classification

v/ AOI for area calculation
Train_WCC
Train_ATC

v/ Satimage

B 5-2 fEHTALERAE SR O v A v — i

(2) KEEEMRGERE R (RA1TH)

Y FERE R DRSS R AR AT T oL icE R EnE S, TF A MERCTE
IRIND 720 L YEFERO X FEHEIRL Tav—L Excel 7 7 A AVFICHEV T2 2 &
TT7 7 ANCRET 5 C EHAHETT, 7, Excel Iy (1 28&1C [F—4%>
KUY ALiE | OFRETI A v =2 7R EDRYI Y LFICL>TT7 4 =L F T LICKY]
bh7T — %] BEC, /530 LI IHHET 5 LRPATHE S LA TEET, CO
BAFIC X O FOR L 72 & X 5-4 19" L £97

EGYEBEEI(-F-2/3 ? X

I4— I FOBREIDZFHEEL TURV,. [F-40TLE1-] Ry RARRYDEENTRENET.
e
57(T)
O tz30(M) O EsUERTNTFRE 1 XFELTRS(R)
n>3(C)
O z4-2(S)
Z0f(0): |:

XFHIOFIAFQ): | %

F—507E1—(P)
couracy
2.728
au Coefficient
. 44097
nalysis ctual A
ool | | < E3(B)

5-3 MEERGEERE R D Excel F#REXE

¥, WEEMEERRIL, Asset 7 4 VX ICHENT — 2 3 &8k SN, KA 2 %5
ELABAORFREINE T, N ICHER L 7 8RB A O L C R MRS R
B IR 720, 4)G)HOTR AT — % (K o) THEFE hEk, b
D E N ARIIRT — & LSRR 2 BA0H 0 T,
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Accuracy

62.72%
Tau Coefficient
0.44097
Analysis Actual UA
1 68 48 10 53.97%
2 68 169 10 68.42%
3 2 7 7 43.75%
PA 49.28% 75.45% 25.93%

Producer's accuracy
User's accuracy

X 5-4 FEEERGEEAESR (E10)

& LB DT SR Ccld, MEEH OB 7 — £ & % DAL E O EiRBHREE» 6 LT o
TS RSSO N T VB 2 B0 7,
B 2 TR 1=T~x, 7 7R 2=WR. 7 7 R 3=ATENEY
RKHD 7 721,23 120 T, X 5-1 OEHTHEREIH (3) D7 7 ABHEICKR X
nEd,
- BELH O #ihili 7 — 2 (Actual) O F#: 7 7 2 1,2,3 £, 138,224,27
ZD 9B, IELL I Nz m8: 68,169,7
- Producer’s accuracy (PA) :
MEEFH QBN T — 2 B FEFER & — B L 2B oHGE LT, RoLBHRD L
n7zfE<cd,
68 /138 x 100= 49.28 %
169 /224 x 100= 75.45%
7 /27 x 100= 25.93%
- FERESRL (Analysis) 25" &K 7 T ADEE 7T A 1,23 i, 126,247,16
ZD5 b, MEERAET T — 2 & —3 L7z 5% 68,169,7
- User’s accuracy (UA) :
SRR PEEHEAET T — 2 L —H L B oHlGe LT, Rotshkdon
7-fETT,
68 /126 x 100= 53.97 %
169 /247 x 100 = 68.42 %
7 /16 X 100= 43.75%
- Ml R BUC T 2 IE L K pFHE iz 0 E G (Accuracy) | 62.72%
- RO EOEHENE%ZF T (Tau Coefficient) : 0.44097
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(3) 7 7A@tk
T — 2 ICRESNTZBEABRRINE T, 7 7 ABHEORKE L 3.3.2(6) DFIH
TSI v, BEERSMOLIESICIE, Asset 7 AV XICEREN-T7 7404
(Train CLS1 %2 &) &€ RENFE T,
7 7 AJ@EMEE, Asset 7 A VZICHEN T — X B EER S I, BEIM 2 0B TEE L 725
BDAFRRINET,

(4) mfEEIHE 7 2 7
SYFERERER I L CHBERITRAHEH T — 2 (KY 2v) NT% 2 7 XD % [hal
AL CHB LR E 77 7 RRLET, 777 o7 Aavie s )y 7 LChl
D7 IYHMEMEICT T 7 %FKRT 5 LT, HEMEMAEREE csv [HHS png HifR e L
TXyva—FT5ZLP0REL D T9,

5-5 MR 7 7 7 EilH

ZOFEER T, Asset 7 ANV X ICHMBEEEHEFH T — X2 TH B Area DMELAET BHEED
HBRRIN, Area BEFEIN T WESICEERINTH A,

(5) HRERERE T v o — FR2 v
DHERERERZ X7 v a— N3 257200 R2 vHRHRRFENE T, [Result Image DL]
L. HHEERERE GeoTFF BT — 4 & LCRET S AN TEET, &
DO FRRERER T — 2 13, IERIEAEE T — % (FY) 2v) cUlh HEhnzmgRe &
% 7= 8 HiX S A VTR E 72 0 B (classification) & 3R AR 35608350 £97,
DHRERER XY va — KR X Vi3, Asset 7 4 VX ICHIER IR HEIPET — 2 Th %
Area DFET 2 BB DAFEIR I N Area B ER I N T A WHBICIIR I INTEA,

LIk
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